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Individuals vary in how well they learn new concepts. |Is concept
learning related to individual differences in other cognitive
abilities, such as 1Q and working memory?

Both declarative (hippocampus, prefrontal cortex)' and
procedural (caudate, posterior visual cortex)?3 memory regions
implicated in concept learning. Does their task-related
activation track individual differences in concept learning?

Do cognitive and neural predictors explain common or
complementary variance in concept learning?

First session: Cognitive assessment

« Using WAIS-IV

« Measurements include: working memory (WM), processing
speed (PS), verbal comprehension (VC), perceptual
reasoning (PR) -> IQ

Second session: Concept Generalization Task

Study x 2 Immediate Test Final Test
Febble 1=Febble 2=Badoon 1=Febble 2=Badoon
4 blocks of study - immediate test 17 trials x 4

Stimuli
« 8 binary features with prototype structure
« Studied stimuli were 2 features away from prototypes

Behavioral Analyses

« Accuracy = generalization accuracy on new stimuli during
final tests

« Bivariate correlations of IQ’s and generalization

* Multiple regression
(predictors: subcomponents of IQ; DV: generalization)

fMRI Analyses

« Task vs Baseline analysis

« Used anatomically defined ROls

« Bivariate correlations of ROI activations and generalization
« Multiple regression (predictors: ROIs; DV: generalization)

Investigating contributions of memory systems to concept generalization ¢’:
using individual differences in cognitive abilities \
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Multiple regression: task-based ROI
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